Prior to model fitting, we visually inspected territory size estimates and measurements of conspecific density, percent shrub cover, shrub density, insect abundance, and percent canopy trees that were conifer for outliers (Table S1 ). We found that one bird had a territory size that was consistently much larger than all other birds across all KDE contours (e.g., min 50% KDE = 0.12 ha, median 50% KDE = 0.50 ha, outlying value = 2.38 ha, second largest 50% KDE value = 0.97 ha), and was subsequently removed from all analyses. We also found one bird had more than double the percent of canopy trees that were conifer in its territory relative to other birds (i.e., min and median = 0, outlying value = 59%, second largest value = 22%). However, the effect of proportion conifer and its importance as assessed using AICc (MuMIn package; Barton 2015) for all paths in which it was included changed little when the outlying value was removed. Therefore, we opted to retain this bird in our final modeling procedure. To assess potential nonlinear relationships we individually fit quadratic terms for each continuous covariate included in each global model and assessed their importance using AICc. We did not find any evidence for the inclusion of quadratic terms, with the exception of percent canopy trees that were conifer in
2 relation to both territory size and breeding success. However, these relationships were both driven by the outlying value identified above and disappeared when this outlying value was removed. Therefore, we did not include a quadratic term for percent canopy trees that were conifer in our final modeling exercise. For all models, we visually assessed model fit using residual plots (quantile-quantile plots and density plots for linear models, as well as plots of residuals versus fitted values and plots of residuals versus each covariate for all models).
To determine the best metric for shrub cover for our analyses, i.e., shrub density, percent shrub cover or percent shrub cover that was conifer, we separately evaluated the effects of each measurement on territory size across all measured KDE contours (n = 10, range = 0.50 to 0.95) using linear mixed-effects models, where we specified a random effect for study site to account for spatial autocorrelation. First, we standardized all KDE contour measurements as well as each metric of shrub cover, and compared effect sizes amongst contours and metrics. We found that effect sizes increased as KDE contour size decreased (from 95 to 50) for each metric (shrub density: 0.07 to 0.16, percent shrub cover: -0.42 to -0.48, percent shrub cover that was conifer: -0.21 to -0.26). Second, given that effect sizes were largest for the KDE50 contour for each metric, we compared AICc values amongst each KDE50 contour model (AICc for shrub density = 92.92, percent shrub cover = 85.73, percent shrub cover that was conifer = 91.55). Together, this exercise indicated that percent shrub cover was the best metric for shrub cover.
Given debate around the appropriate KDE contour to use to characterize territory size in general (see Börger et al. 2006) , we also evaluated the most appropriate KDE contour for all predictor variables in the context of our study by fitting linear mixed effects models for each KDE contour, where KDEs were modelled as a function of insect abundance, conspecific density, squirrel presence/absence, shrub cover, site context, percent canopy trees that were 3 conifer, and year, with a random effect specified for study site. We found that that model residuals were best for the 50% KDE contour and that parameter estimates were in general, similar amongst models, therefore, we used the 50% KDEs in all subsequent analyses and hereafter refer to this variable as 'territory size'. 
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